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Introduction

Over the last decade, the market has witnessed the rise of exchange-traded
funds (ETFs). According to the Financial Stability Board (FSB) (2011), the
global ETF industry experienced an astonishing 40% annual growth rate
over the 10-year period from 2001 to 2010, compared with the 5% annual
growth rate in global open-end mutual funds (OEFs) and equity markets
over the same period. The press has extolled the benefits of ETFs as cheap
alternatives to traditional OEFs and even to index funds because they offer
index-tracking investment opportunities to investors with low cost (i.e., no
load fees and extremely limited management fees). In short, ETFs have been
heralded as the harbingers of a new era of low-cost/low-risk investment op-
portunities that are available to the general public.
However, this brief narrative does not tell the entire story. Indeed, to

charge low fees, many ETF sponsors may seek alternative investment tech-
niques of active management, such as synthetic replication with affiliated
banks, active divergence from the benchmark, and security lending (e.g.,
Ramaswamy 2011). These techniques may create an implicit “investment
link” between the ETFs and their affiliated financial conglomerate. To illus-
trate this point, consider a Nikkei index ETF that receives $100 of invest-
ment. Instead of investing this money as required by the index, the ETF can
invest the entire $100 in a different type of risky equity portfolio and at the
same time enter a total return swap with its affiliated bank, whereby it swaps
the total return on the invested portfolio with the return on the index. In this
way, although the ETF is able to track the benchmark at a lower cost, the
actual portfolio allocation will deviate from the benchmark. Because ETF
investors only require the index return, ETF investorsmay not fully enjoy the
upside of the actual portfolio investment, although they may be exposed to
additional risk if the swap counterparty defaults on the promised delivery of
the index return.
These features have raised the concerns of regulators on the incentives

of ETFs. For example, the Financial Services Authority has identified
the potential for conflicts of interest as one of the major concerns and
suggested that it is “extremely important” for ETF providers to properly
highlight the difference between a straightforward ETF and “more com-
plex investment strategies” that may involve derivatives (Flood 2012).
Practitioners have voiced similar concerns. BlackRock stated that “it
believes that potential conflicts of interest arise when a synthetic ETF
provider enters into a derivative agreement with its investment banking
parent because the costs it pays for the swap could be uncompetitive and
beneficial to the bank” (Davies 2012).
In this paper, we investigate the incentives for ETFs to engage in active

management based on the universe of worldwide equity ETFs and OEFs
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during the 2001–2009 period.2 In particular, we want to explore whether and
how incentives related to information, subsidization, and security lending
may give rise to ETF activeness. Because the former two types of incentives
involve off-benchmark strategies, we expect non-full-replicating ETFs to
dominate the potential effect (as full replicating ETFs are prohibited from
adopting such off-benchmark strategies). Both full replicating and non-full-
replicating ETFs can, however, participate in the security lendingmarket. To
provide a complete picture on the average effect of the entire ETF industry,
we first include the entire sample of ETFs in our main analyses, and then
examine how different types of ETFs are exposed to different kinds of incen-
tives in subsample analyses (e.g., our subsample tests confirm that the effects
of information or subsidization incentives concentrate on non-full-replicating
ETFs).
We start by documenting a surprising selection ability of (non-full-repli-

cating) ETFs, even though these funds in public views are largely passive
index trackers. More explicitly, we find strong evidence that ETFs deviate
from their benchmarks in stocks that have a lending relationship with their
affiliated banks (“bank loan channel”).Moreover, such deviations are highly
informative: for stocks receiving corporate loan services from banks, each
1% increase in benchmark-adjusted ownership of ETFs affiliated with these
banks (hereafter, bank loan-related abnormal ownership of ETFs) is related
to a 12 bps higher Daniel et al. (1997) (DGTW)-adjusted return per year. By
contrast, for the same stock, the abnormal ownership of ETFs unaffiliated
with the banks providing loan services conveys no such information. The
difference between the informativeness of ownership changes of affiliated
ETFs and that of unaffiliated ETFs strongly suggests that ETFs can over-
weight (underweight) stocks that are somehow confirmed to be good (bad)
via their affiliate banks’ corporate loan services.
It is interesting to compare the informativeness of ETF trading to that of

mutual funds. Affiliations with banks are known to accrue information to
active OEFs in the mutual fund industry (e.g., Irvine, Lipson, and Puckett
2007; Massa and Rehman 2008; Massa and Zhang 2012), which is in spirit
close to our finding in the ETF industry. However, this seemingly similar
observation could imply drastically different incentives and normative impli-
cations in the two industries. On the one hand, it is perhaps not surprising for
active mutual funds to collect superior information in order to create better
performance for their investors. On the other hand, the same intuition does
not directly apply to the ETF industry, as ETFs do not have the fiduciary

2 In 2009, the so-called “funded swap model” was introduced in Europe. In this model, the counterparty posts
collateral assets in a segregated accountwith a third-party custodian. The account can be held either in the name
of the fund (in the case of a transfer of title) or in the nameof the counterparty and pledged in favor of the fund (in
the case of a pledge arrangement). The first case might dilute the validity of holding information for our tests.
Thus, we restrict our testing sample to 2009. Interested readers should refer to Morningstar (2012) for institu-
tional details.
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duty to generate index-adjusted performance for investors. Rather, any per-
formance that is not delivered to investors will be ultimately paid back to
affiliated banks, for instance through the aforementioned swap design.
Moreover, unlike OEFs, most ETFs are affiliated with bank conglomerates
(as opposed to specialized asset management companies). These institutional
differences imply that ETFs could be exposed more to the incentive to help
affiliated financial conglomerates, which we can term as “proconglomerate
incentives,” than to the incentive of delivering superior performance to
investors, whichwe label “proinvestor incentives.” It is crucial to askwhether
the surprising selection ability of ETFs reflects the former incentives because,
if so, regulators and practitioners may have grounds to worry about the role
played by ETFs in the financial market.
We further analyze three questions in order to better understand the incen-

tives associated with ETFs. First, how pervasive are proconglomerate incen-
tives; that is, is ETF activeness limited only to the collection of information
through the bank loan channel, or could there be other mechanisms leading
ETFs to deviate from their public image of index tracker as well? Second, do
investors benefit or suffer from these mechanisms? Note that even though
ETFs deliver index return in general, they can still share additional benefits
with the investors through reductions in fees. In other words, proconglom-
erate and proinvestor incentives are not necessarily mutually exclusive.
Finally, how do investors respond to ETF incentives? Proconglomerate in-
centive does not necessarily mean conflicts of interest as long as investors do
not get hurt. But do investors nonetheless worry about such incentives? These
questions are crucial to understand the potential opportunities and risks as-
sociated with the ETF industry.
Regarding the first question, we find that proconglomerate incentives are

quite widely observed through several distinctive mechanisms. Similar to
what we have observed in the bank loan channel, ETF investment in the
stocks of the affiliated bank is related to better performance: an increase in
abnormal ownership of affiliated ETFs predicts higher performance of the
bank stock. ETF investment in stocks with high ownership of affiliatedOEFs
also appears informative. In addition to these informative trading mecha-
nisms, ETFs also seem to engage in cross-trades with affiliated OEFs.
Different from informative trading, cross-trades are typically related to neg-
ative future performance of ETFs. By contrast, affiliated OEFs seem to ben-
efit from these cross-trades: a 1-standard-deviation increase in ETF/OEF
cross-trades is related to an annualized 5.19% higher return and 12.17%
higher inflow for the affiliated OEFs. If anything, such cross-trades could
be associated with the proconglomerate incentive of subsidizing affiliated
poorly performing OEFs.
To explore the second question—that is, the potential benefits and draw-

backs for the investors—we link the level of ETF fees that investors need to
pay and various types of risk that investors may face, such as tracking error

The Unexpected Activeness of Passive Investors

299

D
ow

nloaded from
 https://academ

ic.oup.com
/raps/article-abstract/9/2/296/5267862 by Tsinghua U

niversity user on 10 January 2020



and trading illiquidity, to ETF’s proconglomerate activeness. Because secu-
rity lending may generate income in addition to the aforementioned infor-
mation or subsidization mechanisms, we also include security lending in this
part of analysis.
In fee analysis, we find that ETF investors enjoy direct benefits from the

security lending channel and may face some cost due to the subsidization
channel. In fact, a 1-standard-deviation increase in lending fees translates into
0.6 bps lower fees that the ETF charges its investors. By contrast, every 1%
negative return ofnel3filatid oO-2.6(E)F-4.5(F)-18391(i)-3.56F i



clean measure of the demand of sophisticated institutional investors. This
allows us to gauge the impact of subsidization by examining whether sophis-
ticated investors respond to various types of ETF activeness/incentives by
changing their demand.
In particular, we construct an indirect measure to gauge the impact of

potential subsidization as the difference between the holding-based return
that ETFs can generate and the gross-of-fee reported return of the ETFs that
investors can receive. A positive difference implies a potential transfer of
benefits from the ETFs to the affiliated financial conglomerate; hence, we
refer to this difference as Swapped transfer. In the lack of explicit information
on the actual transactions across affiliated parties, this variable provides a
rough approximation of what could be transferred, directly by—for example,
a formal swap contract—or indirectly by, for example, cross-trades—from
the ETFs to the affiliated financial conglomerate. More importantly, it cap-
tures the potential concern that investors and regulators may have on sub-
sidizations; that is, ETFs may transfer benefits to their affiliated financial
conglomerates rather than to their investors.
We find that positive Swapped transfer is typically associated with higher

ETF outflows. A 1-standard-deviation increase in Swapped transfer is asso-
ciated with an annual outflow of 3.56%. In other words, investors seem to
have concerns when affiliated financial conglomerates benefit from the off-
benchmark activities of ETFs. Moreover, ETF investors also withdraw
capital when the affiliated bank’s rating or return on assets (ROA) drops.
A 1-standard-deviation deterioration in bank rating translates into 9.18%
lower flows per year. More importantly, the outflow sensitivity with respect
to Swapped transfer increases with worsening ratings/ROAs of the affiliated
bank. These patterns suggest that investors regard potential subsidizations
between ETFs and affiliated banks as detrimental especially when the latter
become risky.
Our findings suggest that the global ETF industry is much more compli-

cated than a simple offering of index trackers might indicate. These findings
are the first—to the best of our knowledge—to provide evidence in support of



the event that affiliated banks become distressed because a crisis that should
be limited to the banking sector might spread to the equity market as a whole
(e.g., FSB 2011; IMF 2011; Ramaswamy 2011).
In doing so, we also contribute to the burgeoning literature on ETFs.

Although the entire ETF industry only has less than three decades of history,
its growth speed has dwarfed other types of asset management firms and,
subsequently, attracted tremendous academic attention (e.g., Boehmer and
Boehmer 2003; Blocher and Whaley 2016; Bhattacharya et al. 2017; Israeli,
Lee, and Sridharan 2017; Ben-David, Franzoni, andMoussawi 2018;Da and
Shive 2018). Most existing studies focus on traditional passive ETFs as a
trading instrument, frommarket traders’ perspective. Our paper investigates
the incentives of a broad set of international equity ETFs instead.
Our analysis also contributes to the literature on delegated asset manage-

ment, particularly on passive benchmarking. There have been only a few
attempts to address the issue of the relationship between ETFs and affiliated
banks, despite their normative implications for both consumer protection
and financial stability. Investors have been perceived as not fully aware or
capable of understanding their exposure to distress risk. Our results on flows
of ETFs should help alleviate such concerns.
Our findings also relate to the economics ofmutual fund families. Research

on the constraints and benefits that family affiliation imposes on funds has
identified how family strategies condition fund performance, risk taking, and
investment (Mamaysky and Spiegel 2001; Massa 2003; Nanda, Wang, and
Zheng 2004; Gaspar, Massa, and Matos 2006). We broaden the focus to
ETFs and their relationships with affiliated OEFs and banks.

2. The Industry, Data, and Main Variables

In this section, we first briefly describe the industry and then we define our
data variables.

2.1 The ETF industry

Exchange Traded Funds, or ETFs, are index-tracking investment vehicles
that allow investors to replicate an index cheaply. They represent a fixed
combination of assets held as a function of their representation in the index
they track, such as the S&P 500. Unlike Index Funds, investors can either
invest the money in the fund/redeem its shares (for large orders) or buy/sell
certificates representing ownership of ETFs. We will focus on ETFs that
track equity indices and exclude leveraged or inverse ETFs.
Table 1 provides a snapshot of the ETF industry. For each year, we tab-

ulate the number and total net assets (TNAs) (in billions of USD) of the
ETFs in the first two columns of panel A. As of 2009, for instance, the
ETF sample contains 921 ETFs with TNA of USD 760 billion. By contrast,

Review of Asset Pricing Studies / v 9 n 2 2019

302

D
ow

nloaded from
 https://academ

ic.oup.com
/raps/article-abstract/9/2/296/5267862 by Tsinghua U

niversity user on 10 January 2020



T
a
b
le

1

S
u
m
m
a
ry

st
a
ti
st
ic
s

A
.
S
n
a
p
sh
o
ts

o
f
th
e
E
T
F

in
d
u
st
ry

Y
ea
r

A
ll
E
T
F
s

E
T
F

re
p
li
ca
ti
o
n
m
et
h
o
d
s

S
p
o
n
so
rs

a
ffi
li
a
te
d
w
it
h
b
a
n
k
co
n
g
lo
m
er
a
te
s

W
it
h
v
a
li
d
b
en
ch
m
a
rk

F
u
ll
re
p
li
ca
ti
o
n

S
a
m
p
li
n
g

S
y
n
th
et
ic

E
T
F
s

O
E
F
s

N
u
m
b
er

T
N
A

(i
n
b
il
li
o
n
s)

%
n
u
m
b
er

%
T
N
A

%
n
u
m
b
er

%
T
N
A

%
n
u
m
b
er

%
T
N
A

%
n
u
m
b
er

%
T
N
A

%
n
u
m
b
er

%
T
N
A

%
n
u
m
b
er

%
T
N
A

2
0
0
1

1
0
9

6
1
.1
2

1
8
.3
5

6
7
.3
0

7
7
.0
6

3
1
.0
8

4
.5
9

1
.6
2

9
8
.1
7

9
8
.0
3

3
6
.1
0

2
3
.5
0

5
2
.2
9

9
3
.0
6

2
0
0
2

1
4
7

1
2
3
.9
6

2
3
.1
3

7
2
.2
7

6
7
.3
5

2
5
.7
4

9
.5
2

2
.0
0

9
1
.8
4

8
0
.9
5

3
6
.2
3

2
3
.1
9

5
5
.1
0

9
1
.1
8

2
0
0
3

1
6
6

1
8
5
.0
8

2
2
.2
9

6
2
.4
2

6
5
.6
6

3
4
.7
6

1
2
.0
5

2
.8
3

8
7
.9
5

7
9
.8
7

4
0
.0
5

2
4
.5
0

5
5
.4
2

8
6
.1
8

2
0
0
4

2
0
5

2
6
5
.1
8

2
9
.2
7

5
0
.5
7

6
0
.0
0

4
6
.3
0

1
0
.7
3

3
.1
3

8
0
.4
9

8
5
.2
9

4
2
.4
3

2
5
.9
0

5
5
.1
2

8
2
.7
9

2
0
0
5

3
1
5

3
5
6
.9
3

3
8
.1
0

4
5
.7
3

5
2
.3
8

5
0
.9
0

9
.5
2

3
.3
8

7
7
.7
8

8
7
.1
4

4
4
.8
0

3
9
.9
8

5
6
.1
9

7
8
.7
2

2
0
0
6

4
9
3

4
9
0
.5
6

3
1
.6
4

3
9
.6
9

5
5
.5
8

5
6
.0
9

1
2
.7
8

4
.2
2

7
8
.5
0

8
7
.7
1

4
4
.9
4

3
0
.5
7

4
8
.4
8

7
4
.8
3

2
0
0
7

6
8
7

6
7
0
.6
4

2
9
.9
9

3
8
.9
7

5
2
.9
8

5
5
.8
7

1
7
.0
3

5
.1
6

7
6
.1
3

8
6
.5
3

4
4
.0
0

3
0
.9
3

4
5
.7
1

7
2
.9
6

2
0
0
8

8
8
6

5
3
8
.0
2

3
0
.7
0

4
1
.9
6

4
7
.6
3

5
1
.3
7

2
1
.6
7

6
.6
7

7
9
.3
5

8
6
.8
9

4
3
.4
5

2
9
.0
5

4
5
.7
1

7
5
.0
0

2
0
0
9

9
2
1

7
5
9
.9
1

3
0
.6
2

3
5
.5
1

4
8
.4
3

5
5
.8
7

2
0
.9
6

8
.6
2

7
9
.5
9

8
3
.9
3

4
3
.0
1

2
9
.1
9

4
5
.3
9

6
7
.5
2

B
.
Q
u
a
n
ti
le

d
is
tr
ib
u
ti
o
n
o
f
E
T
F
,
O
E
F
,
a
n
d
m
u
tu
a
l
fu
n
d
fa
m
il
y
ch
a
ra
ct
er
is
ti
cs

M
ea
n

S
D

Q
u
a
n
ti
le

d
is
tr
ib
u
ti
o
n

1
0
%

2
5
%

M
ed
ia
n

7
5
%

9
0
%

B
1
.
E
T
F

re
tu
rn

(m
o
n
th
ly
,
in

%
)

H
o
ld
in
g
-b
a
se
d
re
tu
rn

0
.4
5
0

5
.5
1
2

�
7
.5
8
0

�
2
.5
2
5

1
.0
1
3

3
.8
8
6

6
.9
6
0

D
G
T
W

a
d
ju
st
ed

�
0
.1
8
2

0
.8
5
6

�
1
.1
8
0

�
0
.5
8
5

�
0
.1
3
5

0
.2
3
2

0
.6
3
9

A
ct
iv
eS
h
r
p
er
fo
rm

a
n
ce

0
.0
4
5

0
.4
4
9

�
0
.3
4
3

�
0
.0
7
8

�
0
.0
0
2

0
.0
9
0

0
.4
5
3

G
ro
ss
-o
f-
fe
e
N
A
V
-b
a
se
d
re
tu
rn

0
.4
0
5

5
.3
8
0

�
6
.9
2
2

�
2
.4
6
8

1
.1
6
3

3
.7
6
6

6
.7
6
3

S
w
a
p
p
ed

tr
a
n
sf
er

0
.0
4
5

0
.4
5
3

�
0
.3
3
1

�
0
.1
2
8

0
.0
5
6

0
.2
2
2

0
.4
5
8

F
u
n
d
re
tu
rn

0
.3
7
4

5
.3
8
0

�
6
.9
5
7

�
2
.4
9
7

1
.1
3
2

3
.7
4
0

6
.7
3
0

B
en
ch
m
a
rk

a
d
ju
st
ed

0
.0
4
7

0
.6
5
1

�
0
.4
4
1

�
0
.1
0
9

�
0
.0
0
2

0
.1
0
8

0
.5
1
6

C
A
P
M

a
d
ju
st
ed

0
.1
2
7

0
.9
4
6

�
0
.9
6
6

�
0
.4
7
1

0
.0
3
2

0
.7
4
1

1
.4
2
4

F
F
C

a
d
ju
st
ed

�
0
.0
1
3

0
.6
6
7

�
0
.7
9
4

�
0
.4
2
0

�
0
.0
0
6

0
.3
6
7

0
.8
1
6

(c
o
n
ti
n
u
ed

)

The Unexpected Activeness of Passive Investors

303

D
ow

nloaded from
 https://academ

ic.oup.com
/raps/article-abstract/9/2/296/5267862 by Tsinghua U

niversity user on 10 January 2020



T
a
b
le

1

C
o
n
ti
n
u
ed

B
.
Q
u
a
n
ti
le

d
is
tr
ib
u
ti
o
n
o
f
E
T
F
,
O
E
F
,
a
n
d
m
u
tu
a
l
fu
n
d
fa
m
il
y
ch
a
ra
ct
er
is
ti
cs

M
ea
n

S
D

Q
u
a
n
ti
le

d
is
tr
ib
u
ti
o
n

1
0
%

2
5
%

M
ed
ia
n

7
5
%

9
0
%

B
2
.
E
T
F

ch
a
ra
ct
er
is
ti
cs

A
ct
iv
eS
h
r

0
.2
7
7

0
.3
0
7

0
.0
2
1

0
.0
5
0

0
.1
3
0

0
.3
8
2

0
.8
2
4

T
ra
ck
in
g
er
ro
r
(i
n
%
)

0
.5
1
5

1
.0
0
1

0
.0
2
1

0
.0
3
9

0
.1
0
5

0
.6
1
8

1
.3
9
1

lo
g
(f
u
n
d
il
li
q
u
id
it
y
)

�
0
.7
8
6

3
.9
4
4

�
5
.9
6
6

�
3
.3
2
2

�
0
.5
6
6

2
.0
4
7

3
.9
9
0

lo
g
(s
to
ck

si
ze

in
fu
n
d
)

1
0
.1
4
5

1
.5
3
9

7
.3
9
5

9
.1
5
1

1
0
.7
6
0

1
1
.2
5
6

1
1
.5
5
7

lo
g
(f
u
n
d
T
N
A
)

1
9
.5
9
8

2
.0
6
5

1
6
.9
0
8

1
8
.1
1
8

1
9
.4
7
5

2
1
.2
3
3

2
2
.2
8
2

lo
g
(f
u
n
d
a
g
e)

3
.7
5
1

0
.7
7
6

2
.6
3
9

3
.2
5
8

3
.8
9
2

4
.3
8
2

4
.6
2
5

E
x
p
en
se

ra
ti
o
(a
n
n
u
a
l,
in

%
)

0
.3
7
0

0
.1
3
0

0
.2
4
6

0
.2
7
3

0
.3
1
8

0
.5
0
5

0
.5
8
1

F
u
n
d
fl
o
w

(m
o
n
th
ly
,
in

%
)

2
.6
3
1

8
.1
6
8

�
4
.1
8
2

�
0
.3
1
2

0
.0
0
8

4
.5
9
7

1
2
.6
1
1

E
T
F

p
re
m
iu
m

(i
n
%
)

0
.0
3
5

0
.1
8
7

�
0
.0
8
0

�
0
.0
3
1

0
.0
0
4

0
.0
5
6

0
.2
2
9

B
3
.
O
E
F

re
tu
rn

(m
o
n
th
ly
,
in

%
)

H
o
ld
in
g
-b
a
se
d
D
G
T
W
-a
d
ju
st
ed

re
tu
rn

�
0
.0
8
4

0
.8
5
6

�
1
.0
2
0

�
0
.5
0
0

�
0
.0
8
9

0
.2
8
7

0
.8
0
8

O
E
F

re
tu
rn

0
.2
6
4

2
.4
1
6

�
3
.8
0
1

�
0
.6
9
6

1
.0
1
3

1
.9
1
4

2
.4
6
9

B
en
ch
m
a
rk

a
d
ju
st
ed

�
0
.0
1
4

0
.9
0
3

�
0
.6
7
8

�
0
.2
5
9

0
.0
0
0

0
.2
4
6

0
.7
5
8

C
A
P
M

a
d
ju
st
ed

0
.1
8
0

1
.2
5
8

�
1
.1
1
7

�
0
.4
8
7

0
.0
5
3

0
.8
6
4

1
.7
6
0

F
F
C

a
d
ju
st
ed

�
0
.0
2
7

0
.8
5
0

�
0
.9
7
5

�
0
.4
6
7

�
0
.0
2
6

0
.4
2
3

0
.9
5
5

B
4
.
O
E
F

ch
a
ra
ct
er
is
ti
cs

lo
g
(s
to
ck

si
ze

in
fu
n
d
)

1
0
.3
9
6

1
.0
8
9

8
.7
7
6

1
0
.1
9
3

1
0
.6
7
6

1
1
.0
4
0

1
1
.4
0
9

lo
g
(f
u
n
d
T
N
A
)

1
8
.8
6
2

1
.7
3
6

1
6
.4
9
0

1
7
.6
3
6

1
9
.1
1
7

2
0
.1
8
6

2
0
.4
9
5

lo
g
(f
u
n
d
a
g
e)

4
.4
3
1

0
.8
3
5

3
.2
9
6

3
.9
5
1

4
.5
2
2

4
.9
5
6

5
.3
6
6

E
x
p
en
se

ra
ti
o
(a
n
n
u
a
l,
in

%
)

1
.9
4
0

0
.6
7
0

1
.2
6
0

1
.7
4
0

1
.8
9
9

2
.2
7
9

2
.4
9
0

F
u
n
d
fl
o
w

(m
o
n
th
ly
,
in

%
)

1
.5
2
1

5
.2
7
1

�
3
.1
1
6

�
1
.4
1
5

�
0
.0
3
2

3
.0
5
8

9
.7
2
0

B
5
.
C
ro
ss
-t
ra
d
es

m
ea
su
re
s
(q
u
a
rt
er
ly
,
in

%
)

E
T
F
/O

E
F

cr
o
ss
-t
ra
d
es

1
1
.6
2
1

1
0
.5
9
1

0
.0
0
0

1
.5
9
0

9
.4
4
8

1
8
.8
5
2

2
8
.7
0
6

E
T
F
/E
T
F

cr
o
ss
-t
ra
d
es

9
.2
5
1

1
1
.7
6
6

0
.5
7
7

1
.7
8
0

4
.7
1
1

1
1
.7
8
4

2
4
.2
5
2

B
6
.
F
a
m
il
y
ch
a
ra
ct
er
is
ti
cs

lo
g
(f
a
m
il
y
T
N
A
)

2
2
.1
2
9

2
.1
2
0

2
0
.6
4
3

2
1
.6
3
0

2
2
.1
3
0

2
3
.1
9
0

2
3
.9
7
4

lo
g
(f
a
m
il
y
a
g
e)

4
.7
7
2

0
.4
5
2

4
.2
5
3

4
.6
0
7

4
.7
8
2

4
.9
1
0

5
.4
1
8

F
a
m
il
y
ex
p
en
se

ra
ti
o

1
.8
5
2

0
.6
9
5

0
.7
8
6

1
.6
6
3

1
.8
4
3

2
.1
7
6

2
.6
2
1

F
a
m
il
y
re
tu
rn

0
.2
2
5

2
.3
0
3

�
3
.7
2
8

�
1
.0
3
7

0
.9
4
9

1
.8
1
1

2
.8
2
2

F
a
m
il
y
fl
o
w

5
.4
9
7

5
.3
2
2

�
0
.9
9
5

0
.8
6
8

4
.7
8
5

1
0
.4
7
3

1
1
.5
9
7

Review of Asset Pricing Studies / v 9 n 2 2019

304

D
ow

nloaded from
 https://academ

ic.oup.com
/raps/article-abstract/9/2/296/5267862 by Tsinghua U

niversity user on 10 January 2020



C
.
Q
u
a
n
ti
le

d
is
tr
ib
u
ti
o
n
o
f
b
a
n
k
,
st
o
ck
,
a
n
d
co
u
n
tr
y
ch
a
ra
ct
er
is
ti
cs

M
ea
n

S
D

Q
u
a
n
ti
le

d
is
tr
ib
u
ti
o
n

1
0
%

2
5
%

M
ed
ia
n

7
5
%

9
0
%

C
1
.
B
a
n
k
ch
a
ra
ct
er
is
ti
cs

D
G
T
W
-a
d
ju
st
ed

b
a
n
k
re
tu
rn

(i
n
%
)

�
0
.2
2
2

4
.1
3
0

�
4
.9
1
7

�
2
.2
2
5

�
0
.2
4
0

1
.8
6
2

4
.4
5
9

B
a
n
k
ra
ti
n
g

3
.8
2
3

1
.3
3
0

2
.0
0
0

2
.2
5
0

4
.0
0
0

5
.0
0
0

6
.0
0
0

B
a
n
k
R
O
A

(a
n
n
u
a
l,
in

%
)

1
.7
1
9

6
.4
6
4

�
1
.0
0
8

�
0
.1
7
5

0
.3
9
8

0
.5
5
4

4
.3
2
9

C
2
.
S
to
ck

ch
a
ra
ct
er
is
ti
cs

S
to
ck

re
tu
rn

(m
o
n
th
ly
,
in

%
)

1
.1
6
1

5
.4
1
8

�
4
.9
7
5

�
1
.3
6
7

0
.9
5
0

3
.7
4
1

7
.5
3
0

D
G
T
W
-a
d
ju
st
ed

st
o
ck

re
tu
rn

(m
o
n
th
ly
,
in

%
)

�
0
.0
2
4

4
.1
2
6

�
4
.5
0
7

�
2
.1
2
5

�
0
.1
1
7

2
.0
4
3

4
.6
9
0

C
o
rp
o
ra
te

lo
a
n
d
u
m
m
y

0
.0
1
9

0
.1
3
6

0
.0
0
0

0
.0
0
0

0
.0
0
0

0
.0
0
0

0
.0
0
0

A
ffi
li
a
te
d
b
a
n
k
st
o
ck

d
u
m
m
y

0
.0
0
1

0
.0
3
8

0
.0
0
0

0
.0
0
0

0
.0
0
0

0
.0
0
0

0
.0
0
0

S
ec
u
ri
ty

le
n
d
in
g
fe
e

0
.6
0
7

1
.1
6
6

0
.1
1
0

0
.1
3
9

0
.1
9
1

0
.4
2
1

1
.5
5
3

lo
g
(s
to
ck

si
ze
)

5
.0
4
1

2
.1
4
7

2
.4
5
1

3
.6
4
2

4
.9
8
0

6
.4
3
2

7
.8
3
5

T
u
rn
o
v
er

0
.0
9
6

0
.1
3
7

0
.0
0
3

0
.0
1
2

0
.0
5
0

0
.1
0
2

0
.2
4
5

lo
g
(s
to
ck

il
li
q
u
id
it
y
)

3
.7
6
8

3
.0
3
8

�
1
.7
3
2

4
.9
5
7

5
.2
2
3

5
.4
8
8

5
.6
5
2

lo
g
(n
et

in
co
m
e)

1
.5
3
4

3
.3
0
8

�
3
.0
1
7

�
0
.2
2
2

2
.3
4
5

4
.1
2
1

4
.5
4
3

lo
g
(s
a
le
s)

5
.7
0
6

2
.0
5
5

3
.1
2
7

4
.3
3
3

5
.8
3
4

7
.0
2
8

8
.0
1
7

lo
g
(t
o
ta
l
a
ss
et
s)

6
.3
4
0

2
.2
3
9

3
.5
4
9

4
.6
7
9

6
.1
8
6

8
.1
2
0

8
.5
9
9

C
3
.
C
o
u
n
tr
y
ch
a
ra
ct
er
is
ti
cs

(a
n
n
u
a
l,
in

%
)

S
to
ck

m
a
rk
et

tu
rn
o
v
er

1
.1
6
4

0
.6
1
5

0
.4
8
0

0
.7
5
7

1
.0
8
1

1
.4
1
7

1
.9
3
3

S
to
ck

m
a
rk
et
/G

D
P

1
.3
6
8

1
.0
5
3

0
.4
4
5

0
.6
7
0

1
.0
8
7

1
.4
8
4

2
.8
2
9

P
ri
v
a
te

b
o
n
d
m
a
rk
et
/G

D
P

1
.3
5
7

0
.3
9
8

0
.8
8
7

1
.0
8
2

1
.3
6
7

1
.6
5
3

1
.8
8
0

A
ct
iv
e
E
T
F
/O

E
F

1
.7
0
4

3
.0
5
4

0
.0
0
0

0
.0
0
0

0
.0
0
0

2
.0
3
0

6
.8
7
1

E
T
F

T
N
A
/G

D
P

1
.2
0
2

2
.0
0
4

0
.0
0
8

0
.0
5
2

0
.4
8
3

1
.1
6
4

3
.7
0
1

O
E
F

T
N
A
/G

D
P

3
9
.5
8
3

1
1
7
.8
1
0

2
.1
7
6

4
.8
9
4

9
.3
2
5

2
6
.4
4
3

6
6
.7
8
4

T
h
is
ta
b
le
p
re
se
n
ts
th
e
su
m
m
ar
y
st
at
is
ti
cs
fo
r
th
e
d
at
a
u
se
d
in
th
e
p
ap

er
d
u
ri
n
g
th
e
20
01
–2
00
9
p
er
io
d
.P

an
el
A
re
p
o
rt
s
th
e
n
u
m
b
er
an

d
to
ta
ln
et
as
se
ts
(T
N
A
s)
o
fE

T
F
s,
th
e
p
er
ce
n
ta
ge

n
u
m
b
er

an
d
p
er
ce
n
ta
ge

o
f
T
N
A
s
o
f
th
re
e
E
T
F
re
p
lic
at
io
n
m
et
h
o
d
s,
an
d
th
e
p
er
ce
n
ta
ge

n
u
m
b
er

an
d
p
er
ce
n
ta
ge

o
f
T
N
A
s
o
f
E
T
F
s
an

d
O
E
F
s
af
fi
lia
te
d
w
it
h
b
an

k
co
n
gl
o
m
er
at
es

o
n
a
ye
ar
-b
y-
ye
ar

b
as
is
.P

an
el
B
re
p
o
rt
s
th
e
m
ea
n
,m

ed
ia
n
,s
ta
n
d
ar
d
d
ev
ia
ti
o
n
,a
n
d
th
e
q
u
an
ti
le
d
is
tr
ib
u
ti
o
n
o
f
E
T
F
,O

E
F
,a
n
d
m
u
tu
al
fu
n
d
fa
m
ily

ch
ar
ac
te
ri
st
ic
s.
P
an
el
C
re
p
o
rt
s
si
m
il
ar

st
at
is
ti
cs

fo
r
b
an

k
,

st
o
ck
,
an
d
co
u
n
tr
y
ch
ar
ac
te
ri
st
ic
s.
T
ab
le
A
1
p
ro
vi
d
es

d
et
ai
le
d
d
efi
n
it
io
n
s
o
f
ea
ch

va
ri
ab
le
.

The Unexpected Activeness of Passive Investors

305

D
ow

nloaded from
 https://academ

ic.oup.com
/raps/article-abstract/9/2/296/5267862 by Tsinghua U

niversity user on 10 January 2020



as of 2001, the number of ETFs totaled 109 with a TNA of 61 billion, which
confirms the astonishing rate of growth in the industry. Among the 921 ETFs
existing in 2009, 480 are from the United States, and 357 are from Europe,
comparedwith 85 and 16, respectively, in the year 2001. Thus, the importance
of ETFs has increased even more outside the United States.
In the United States, ETFs tend to physically replicate the underlying

index, which seems to be driven by regulatory rules. For example, the
InvestmentAct of 1940 requires ETFs to hold 80%of their assets in securities
matching the fund’s name. By contrast, more than 50% of the ETFs in
Europe use synthetic structures. UCITS-compliant ETFs that are syntheti-
cally replicated tend to be registered in Luxemburg to reduce haircuts on the
collateral assets posted.4

In the next few columns of Table 1, panel A, we report the three replication
methods as reported by Morningstar: full replication, optimized sampling,
and synthetic replication. Table 1 shows that only 30% of the ETFs in the
world use “full replication.” In our view, only full replication can prevent the
ETF from deviating from its benchmark. The holdings for other types of
ETFs might deviate from their benchmarks that are affected by various in-
formation and subsidization motivations.
The next few columns of panel A report the fraction of ETFs that are

affiliated with bank conglomerates and the analogous statistics of OEFs
reported on an annual basis. We define “bank conglomerates” as the finan-



ETFs can be roughly classified into those run by pure asset managers (e.g.,
Vanguard) and those affiliated with “bank conglomerates” (e.g., Barclays).
Returning to panel A of Table 1, the year-by-year statistics illustrate that

the involvement of banks in the ETF industry is impressive: in any year, more
than 70% of ETFs and more than 80% of the TNA of the industry are
affiliated with banks. By contrast, less than 30% of OEF TNAs are typically
affiliated with banks. It is notable that this affiliation pattern primarily pre-
vails in Europe, whereas in the United States some of the largest ETF pro-
viders, such asVanguard, are not part of bank conglomerates. This difference
suggests that proconglomerate incentives could be more influential in
Europe.
The last two columns of panel A report the fraction of ETFs for which we

are able to construct the benchmarks.7 Our sample typically covers between
45% and 55% of ETFs in terms of numbers and from 67% to 90% of the
TNA of the industry. The final sample contains 420 ETFs, among which 107
are domiciled in the United States and 261 in Europe. Altogether, 16,365
stocks are held by ETFs, of which 8,809 are listed in the United States and
3,431 are listed in Europe.8

2.2 Data sources

Our data are drawn from different sources. The ETF andOEF holdings data
are from the Factset/Lionshares database.9 The Factset/Lionshares holdings
data on international funds are sparse before 2001, so our sample is restricted
to the 2001–2009 period. We match the database to the Morningstar mutual
fund database, which reports monthly total returns for global mutual funds.
We use Morningstar classifications to identify ETFs (“Exchange-Traded
Funds Universe” in Morningstar), index funds (“Index Funds” from
“Open End Funds Universe”), and OEFs (the rest of the “Open End
Funds Universe”). From Morningstar, we obtain additional variables such
as fund net asset value (NAV), fund TNA, fund age, management expenses,
market price, volatility of fund returns, and the benchmark tracked by ETFs

7 For each ETF, we proxy for the benchmark portfolio it should hold by using the average holdings of the open-
end index funds that follow the same index. If index OEFs are not tracking the benchmark, we use the average
holdings of ETFs using full replication to proxy for the index holding. As noted in Cremers et al. (2016), use of
the actualweights of explicitly indexed funds tracking the benchmark has the advantage that someof theweights
in the official benchmark include stocks that in practice may not be fully investable by mutual funds due to
illiquidity or other constraints.

8 Table 1 includes benchmarks that are only followed by oneETF,which occurs, for instance, with approximately
244 indices in the year 2009. Our main regressions further exclude those one-ETF indices not followed by index
OEF funds. Our main results are robust if we exclude all indices not followed by index OEFs or if we use the
average of all index OEF and full replicating ETF holdings to proxy for index holdings.

9 A detailed description of the data set can be found in Ferreira and Matos (2008). We find that approximately
40% of investment vehicles in the Factset/Lionshares database report quarterly portfolio holdings and approx-
imately 50% report semiannual holdings, the remaining 10% report either monthly or yearly holdings. We
address the issue of different reporting frequencies by institution from different countries by using the latest
available holdings updates at the quarter end.
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and indexOEFs (“Primary Prospectus Benchmark”).We focus on funds that
have “Equity” as the Morningstar “Broad Category Group.”
Monthly stock return data and annual stock characteristics, such as mar-

ket capitalization, net income, sales and total assets, are obtained from
Datastream/Worldscope for international stocks, with all the variables
quoted in USD. Data on banks come from BvD BankScope. This data set
contains annual financial data of banks, including total assets, ROA, equity/
liabilities ratio, loan loss reserve/gross loans ratio, net interest margin, cost/
income ratio, and net loans/total assets ratio. The characteristics of the loan
contracts and the identities of the borrowers and lenders are taken from
Thomson Reuters LPC DealScan. The monthly S&P long-term issuer credit
ratings come from Compustat. Because bank variables are observed only on
an annual basis, we adopt annual frequency in our main tests. Using quar-
terly frequency based on available quarterly variables leads to similar
conclusions.

2.3 Variables

We will define the main variables in the subsequent sections as we use them.
Here, we just summarize the main control variables we will use in this paper
as well as the measures of performance.
We consider measures of both ETF and stock performance. The measures

of ETF performance are the gross-of-fee NAV-based return, the benchmark-
adjusted fund return, DGTW-adjusted Holding-based return, and the
ActiveShr performance. Holding-based return of an ETF is defined as the
investment value-weighted average of the returns of the stocks in its portfolio.
It represents the return the ETFwould have earned based on the stocks in its
portfolio. The ActiveShr performance is computed as the difference between
the holding-based return of anETFand that of its benchmark. It captures the
abnormal return that an ETF can generate by deviating from the holding
portfolio of its benchmark.
Similarly, OEF performance is proxied by benchmark-adjusted fund

returns or DGTW-adjusted holding-based returns. As an additional robust-
ness check, we also construct performance as alpha net of the risk factors
posited by the international capital asset pricing model (CAPM) and the
international Fama-French-Carhart (FFC) model. The latter model extends
the standard factor-based risk corrections used in the domestic literature to
account for the international dimension. It includes four international factors
as the value-weighted average of the four domestic factors (market, size,
book-to-market, and momentum).10 The construction of these international

10 For a given country, we download all the (active and defunct) stocks from Thomson Datastream and comple-
ment themwith necessary accounting data from theWorldscope database. Then, for each country, we construct
market (RMF), size (SMB), value (HML), and momentum (MOM) factors, closely following the original
methodology of Fama and French (1993) and Carhart (1997). The four international factors are the value-
weighted average of the four domestic factors in all countries.
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factors is in the spirit of Griffin (2002). We extend these international factors
to include themomentum factor because of its importance in themutual fund
literature. Table A1 provides further details regarding the construction of the
factors.11

To define stock performance, we use the Daniel et al. (1997, DGTW)
methodology. That is, we first create stock styles by double-sorting all the
stocks into 25 independent book-to-market and size portfolios within each
country. We then adjust the return of a given stock by its style average to
compute its DGTW-adjusted return. Finally, we obtain portfolio-level
DGTW-adjusted return as the investment value-weighted average of stock-
level DGTW-adjusted returns for all the stocks in the portfolio.
We control for lagged fund, stock, and bank characteristics. Fund char-

acteristics include the following: log(stock size in fund), defined as the loga-
rithm of the investment value-weighted average market value of stocks
invested in by the fund; log(fund TNA), defined as the logarithm of fund
TNA; log(fund age), defined as the logarithm of the number of operational
months since inception; Expense ratio, defined as the annual expense ratio;
Fund return, defined as the annual return of the fund; and Fund flow, defined
as the annual fractional flow received by the fund. Stock characteristics in-
clude the following: log(stock size), defined as the logarithm of the market
value of the stock;Turnover, defined as the annual turnover ratio of the stock;
log(stock illiquidity), defined as the logarithm of the Amihud (2002) stock
illiquidity; log(net income), defined as the logarithm of its net income;
log(sales), defined as the logarithm of its sales; and log(total assets), defined
as the logarithm of its total assets. Table A1 provides a detailed definition for
each variable.
Panel B of Table 1 reports the descriptive statistics of the variables, includ-

ing the mean, median, standard deviation, and quantile distribution of
monthly ETF and OEF returns, and major characteristics (in annual fre-
quency) of the funds and fund families. Panel C reports similar statistics
related to monthly stock returns, and other annual bank, stock, and country
characteristics. It is notable that the ETF Holding-based return and gross-of-
feeNAV-based return have different distributions, which provides evidence of
the existence of synthetic operations in the ETF industry.
The DGTW-adjusted return for the ETF holdings has a wide distribution.

At the 75% quantile level, for example, the DGTWholding-based abnormal
return is 23 bps per month. The economic magnitude involved is quite large,
which suggests that ETFs invest in very good stocks. It is also notable that the
characteristics of affiliated members of ETFs, such as banks and OEFs, also

11 We use these three to be conservative. Indeed, the benchmark-adjusted return allows us to control for the
benchmark and is closer in spirit to the performance that investors observe. The international Fama-French-
Carhart four-factor model employs the broadest set of factors and has been used to estimate mutual fund
performance (e.g., Carhart 1997; Bollen andBusse 2005; Avramov andWermers 2006;Mamaysky, Spiegel, and
Zhang 2007, 2008).

The Unexpected Activeness of Passive Investors

309

D
ow

nloaded from
 https://academ

ic.oup.com
/raps/article-abstract/9/2/296/5267862 by Tsinghua U

niversity user on 10 January 2020



exhibit wide distributions. In the next section, we conduct more formal tests
to explore how ETFs’ deviations from their benchmarks may help transfer
value to affiliated parties.

3. The Surprising Selection Ability of ETFs

In this section, we document a surprising selection ability of ETFs based on
their affiliations with banks and discuss its implications. To capture the po-
tential information benefits accruing from the affiliation with the bank con-
glomerate, we use the LPC DealScan data and define a dummy variable,
CorporateLoanDummyi;f;t; that equals 1 if, with respect to ETF f, its affiliated
bank provides bank loan services to firm i in year t and 0 otherwise. This
dummy variable proxies for the information that ETFs may obtain from
their affiliated banks based on such banks’ processing of corporate loans.
Then we use this dummy to define bank loan-related abnormal (i.e.,

benchmark-adjusted) stock ownership for all the ETFs as follows:
ETFadjOwnðLoaned CorpÞi;t¼

P
fðhi;f;t� bhi;f;tÞ�CorporateLoanDummyi;f;t,

where ETFadjOwnðLoaned CorpÞi;t refers to bank loan-related abnormal
ETF ownership for stock i in year t, hi;f;t and bhi;f;t refer to the real and
benchmark-implied ownership of ETF f in stock i, respectively. If the bank
loan channel is indeed motivated by information, a positive change in ab-
normal ownership should predict higher stock returns out-of-sample. We
therefore estimate the annual panel regression:

Perfi;t ¼ aþ b� DETFadjOwnðLoaned CorpÞi;t�1 þ cMi;t�1 þ ei;t; (1)

where Perfi;t is the average monthly DGTW-adjusted return of a stock in
year t, and DETFadjOwnðLoaned CorpÞi;t�1 refers to changes in abnormal
ETF ownership of stock i in year t� 1 related to bank loan information. The
vector M stacks all the other stock and fund control variables as defined
previously. We use year and stock fixed effects and cluster the errors at the
stock level.
Table 2 reports the results. Models 1 through 4 report the full sample

results. The results document that bank loan-related abnormal ownership
of ETFs can generate significant performance out of sample: in Model 2, for
instance, each 1% increase in bank loan-related abnormal ownership of
ETFs translates into a 12 bps higher DGTW-adjusted return per year.12

As a “Placebo” test, we also construct the abnormal ETF ownership
unrelated to affiliated bank loan services as follows:
ETFadjOwnðUnloaned CorpÞi;t ¼

P
f hi;f;t � bhi;f;t

� �
� ð1 � CorporateLoan

12 The dependent variable is reported as a percentage of monthly abnormal return. Thus, the impact of a 1%
increase in DETFadjOwnðLoaned CorpÞ can be estimated for Model 2, for instance, as 1:02%� 12� 1% ¼
12:2 bps, and 1.02% is the regression coefficient on DETFadjOwnðLoaned CorpÞ. Unreported tests using raw
stock return lead to very similar results, and each 1% increase in bank loan-related abnormal ownership ofETFs
can be transferred to a 11 bps higher return per year.
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Dummyi;f;tÞ, in which all variables are defined the same as in ETFadjOwn
ðLoaned CorpÞi;t. The results reported in Models 3 and 4 show that the ab-
normal ETF ownership changes unrelated to affiliated bank loan services do
not predict stock return. These results are consistent with our working hypoth-
esis that the link with affiliated banks allows ETFs to select superior stocks.
Next, in Models 5 to 9, we break down the analysis into different sub-

samples. In Models 5 to 7, we consider the synthetic, sampling, and full
replication ETFs, whereas in Models 8 and 9, we consider U.S. and
European ETFs. We see that lending-related abnormal ownership changes
for both synthetic and sampling ETFs as well as European ETFs forecast
stock performance. In contrast, full replication andU.S. ETFs do not seem to
be affected. Additional (unreported) robustness checks indicate that includ-
ing bank characteristics aggregated at the stock level leads to similar results.
Jointly, these results indicate that ETFs deviate from their benchmarks—

and their public image of index tracker—in stocks that have a lending
relationship with affiliated banks and that such deviations result in higher
performance because ETFs can overweight (underweight) stocks that are
somehow confirmed to be good (bad) via the affiliate banks’ corporate
loan services. In brief, ETFs trading is highly informative in this bank loan
channel, exhibiting some selection ability.
Although active OEFs are known to accrue information from affiliated

banks (e.g., Irvine, Lipson, and Puckett 2007; Massa and Rehman 2008;
Massa and Zhang 2012), their incentives are very different. Active OEFs
want to collect superior information to deliver better performance to their
investors. By contrast, ETFs donot have the fiduciary duty to generate index-
adjusted performance for investors. Why, in this case, do ETFs have incen-
tives to collect information?
It is important to understand the incentives behind the surprising selection

ability of ETFs, not the least because the latter may indicate an incentive of
helping affiliated financial conglomerates (i.e., “proconglomerate
incentives”) rather than that of delivering superior performance to investors
(i.e., “proinvestor incentives”). Indeed, precisely because ETFs do not have
any duty to deliver extra benefits to their investors, and additional benefits
generated from this surprising selection ability could be ultimately delivered
back to affiliated conglomerate through, for instance, the swap design be-
tween ETFs and their affiliated conglomerates. In this case, conglomerates
have incentives to accrue information to their affiliated ETFs, allowing the
former to indirectly benefit from the information advantage that they obtain
from the financial services they offer. In this regard, compared to OEFs,
ETFs are more suitable instruments to implement proconglomerate incen-
tives because of the combination of their index-tracking fiduciary duty (i.e.,
extra benefits do not need to be passed on to investors) and the potential swap
designs between ETFs and affiliated conglomerates.
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4. How Pervasive Are Proconglomerate Incentives?

We now address the three questions raised in the introduction regarding the
scope and influence of ETF activeness.We start with the first question of how
pervasive is ETF activeness that could be related to proconglomerate incen-
tives. We extend the bank loan channel to stocks that ETFs may accrue
information from their affiliations: stocks of the affiliated bank and stocks
(co)invested by the affiliated OEFs. We also explore the channel of cross-
trading between affiliated ETFs and OEFs.

4.1 Selection ability on affiliated bank stocks

ETFs may directly accrue information (from their affiliated conglomerate)
regarding the stocks of their affiliated bank. Does their trading predict ab-
normal performance of the bank stock as the bank loan channel? To address
this issue, we estimate the following panel specification:

Perfb;q ¼ aþ b� DETFadjOwnðAffiliated BankÞb;q�1 þ cMb;q�1 þ eb;q;

(2)

wherePerfb;q is the average monthly DGTW-adjusted return of a bank stock
in quarter q, and DETFadjOwnðAffiliated BankÞb;q�1 refers to changes in
abnormal ETF ownership in bank b by the affiliated ETFs (by netting out
their benchmark-implied ownership). The vectorM stacks all other stock and
fund control variables as defined previously. We add quarter and bank fixed
effects, and cluster the errors at the bank level.
Table 3 reports the results. Models 1 through 4 report the full sample

results. Especially, Models 1 and 2 document that an increase in abnormal
ownership of affiliated ETFs predicts higher performance of the bank stock.
Models 3 and 4 present a “Placebo” test, where we construct
DETFadjOwn Unaffiliated Bankð Þb;q�1 as the change in percentage abnormal
stock ownership held by the ETFs for unaffiliated banks. Models 5 to 9
further applyModel 4 to subsamples of ETFs, including synthetic replication
ETFs, optimized sampling ETFs, full replication ETFs, U.S. ETFs, and
European ETFs. We see that affiliated ETF abnormal ownership changes
positively forecast bank performance in all sub-groups, except for full repli-
cation and U.S. ETFs. In contrast, ETFs unaffiliated with the bank, their
abnormal ownership changes do not predict bank return in both full sample
and subsamples. This provides evidence of selection ability related to superior
information.13

13 This evidence is also consistent with the possibility of bank support; that is, the investment of the ETF is used to
prop up the value of the shares of the affiliated bank. Although this is possible, still the effect for the fund is to
invest in assets whose price goes up in value. In the presence of pure price support, it is not clear this will translate
in a consistent positive relationship between investment and future return.
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4.2 Co-ownership and cross-trading between ETFs and affiliated OEFs

Another potential source of information for the ETFs may flow from the
affiliatedOEFs. Therefore, we investigate the possibility of a relation between
the stock selection of the ETFs and the position of the affiliated OEFs.More
specifically, we estimate:

Perfi;t ¼ aþ b� DETFadjOwnðHigh ETF=OEF Co-OwnershipÞi;t�1
þ cMi;t�1 þ ei;t; (3)

where DETFadjOwnðHigh ETF=OEF Co-OwnershipÞi;t�1 refers to
changes in abnormal ETF ownership in stocks in which the affiliated
OEFs have high degree of coinvestment (i.e., co-ownership). High and
low co-ownership are constructed according to the median break point in
the cross section of each period. For stocks in which ETFs and OEFs
have high co-ownership, we expect the ETF trading to be informative
because information could be accrued from affiliated OEFs or conglom-
erate for these relative “important” stocks. The use of this information is
beneficial to affiliated conglomerate in a way that is similar to the bank
loan channel.
Another important way of benefiting affiliated conglomerate is cross-

trading (“cross-trades”), through which ETFs and affiliated OEFs could
swap trading benefits/losses (see Gaspar, Massa, and Matos 2006 for the
cross-trading mechanism within the OEF industry). To explore whether
this channel also exist, we first compute the cross-trades between ETF i
and affiliatedOEF j (ETF/OEF Cross-Trades) in a given quarter q as follows:
CrossTraij;q ¼ ½ð

P
s2S1\S2

Ns;i;qPs;q þNs;j;qPs;qÞ � IfDNs;i;q � DNs;j;q < 0g�
=ð
P

s2S1
Ns;i;qPs;qþ

P
s2S2

Ns;j;qPs;qÞ, where S1 and S2 represent the set of

companies held by fund i and j, Ps;q is the price of company s at quarter q,

Ns;i;q and Ns;j;q are the number of shares of company s held by fund i and j,

respectively, and If�g is an indicator function that equals 1 if Ns;i;q and Ns;j;q

change in opposite directions and 0 otherwise, followingGaspar,Massa, and
Matos (2006). We then average the ETF/OEF Cross-Trades at ETF-stock
level across all ETF-OEF pairs within the same fund family, and those above
(below) the median break point in the cross section of each period are labeled
as High (Low) ETF/OEF cross-trades. Finally, we construct a variable
DETFadjOwn(High ETF/OEF CrossTrades), referring to changes in abnor-
mal ETF ownership in stocks in which the affiliated OEFs have high degree
of cross-trading.We then link stock performance to this cross-trading related
ownership variable replacing the co-ownership variable with this variable in
Equation (3).
Table 4 reports the results.Models 1 through 4 report the results for the co-

ownership-based variable and Models 5 to 8 report the results for the cross-
trades-based variable. We find that changes in abnormal ETF ownership in
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stocks also heavily held by affiliated OEFs increase the subsequent perfor-
mance. For instance, each 1% increase in ETF/OEF co-ownership-based
abnormal ownership of ETFs is related to a 4.5 bps higher DGTW-
adjusted return per year (Model 4).14 By contrast, cross-trade between
ETFs and affiliated OEFs is negatively related to performance. In particular,
each 1% increase in abnormal ownership of ETFs in stocks with low ETF/
OEF cross-trades activities is related to a 3 bps higher DGTW-adjusted re-
turn per year (Model 8).
One potential explanation on the difference between ETF/OEF co-

ownership and ETF/OEF cross-trades is that the former could result from
the information spillover between affiliated OEFs and ETFs, while the latter
could be largely driven by the need to subsidize affiliated OEFs (e.g., subsi-
dizing ETFs may end up holding more underperforming stocks after cross-
trades with subsidized OEFs). To further verify the information channel, we
investigate their impact jointly with the aforementioned bank loan channel,
and show that ETFs andOEFs receive common information related to bank
loans from the affiliated bank. To save space, we relegate these additional
results to the Internet Appendix (Table IN1). Our remaining task is to ex-
amine whether cross-trades can be associated with the incentives to subsidize
OEFs in the same group. If the intuition is correct, cross-trades should be
associated with higher subsequent OEF performance.We take on this task in
the next subsection.

4.3 Proconglomerate incentives behind ETF/OEF cross-trades

Wenow further explore the implications of the cross-trades channel. It is well
known that investors withdraw capital from poorly performingOEFs, which
is a cost to OEFs. By help promoting OEFs’ performance, cross-trades from
ETFs could effectively help OEFs to avoid outflows/attract new flows.15 We
test this hypothesis in a two-stage framework. In the first stage, we consider
the possibility that both ETFs and OEFs deviate from their benchmarks to
allow for convenient cross-trading. In this case, their portfolios exhibit off-
benchmark active shares in the spirit of Cremers and Petajisto (2009). For
cross-trading to be possible on a particular stock, both parties need to deviate
on the same stock. Hence, we need to go beyond the original active share

14 The dependent variable is reported as a percentage of monthly abnormal return. Thus, the impact of a 1%
increase in DETFadjOwnðHigh ETF=OEF Co-OwnershipÞ can be estimated for Model 4, for instance,
as 0:373%� 12� 1% ¼ 4:5 bps, and 0.373% is the regression coefficient on
DETFadjOwnðHigh ETF=OEF Co-OwnershipÞ.

15 Note that it makes sense for performance to be transferred from a “closed-end” instrument to an “open-end”
fund, as the former will not suffer from outflows due to the “closed-end” property, whereas the latter will gain
inflows due to the “open-end” property. ETFs are effectively “closed-end” funds to retail investors as explained
in Footnote 3, making this subsidization feasible. The opposite direction of trading is unlikely to happen, as it
will lead to outflows for the latter without obvious inflows of the former. Based on the same argument, this
mechanism is unlikely to benefit two “closed-end” instruments, an implication we will use to conduct a placebo
test. The mechanism could benefit two “open-end” funds (see, e.g., Gaspar, Massa, and Matos 2006).
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measure and investigate how common active ownership between ETFs and
OEFs (which we label
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As noted in Footnote 15, this type of subsidization can only occur
from ETFs to OEFs. It makes less sense, from the conglomerate’s per-
spective, to let ETFs to conduct similar cross-subsidization. Panel B
provides a placebo test based on this intuition. There, we tabulate the
formation (first stage) and influence (second stage) of cross-trades be-
tween affiliated ETFs. Unlike the case of ETF/OEF cross-trades, ETF/
ETF cross-trades are much weaker and have no effect on either flow or
performance. Therefore, cross-trades help OEFs, but not ETFs. Note
that cross-trades may not directly affect ETF returns (recall that index
returns can be delivered by the affiliated banks). Nonetheless, the costs of
cross-trades may be indirectly charged via increased fees, a topic we will
explore in our later sections.
Next, as a robustness check, we split the sample by type of ETF and report

the results in Table 6. Panel A reports subsample results for ETF/OEF cross-
trades with synthetic ETFs (Models 1 to 4), optimized sampling ETFs
(Models 5 to 8), and full replication ETFs (Models 9 to 12), and panel B
shows similar subsample results forU.S. ETFs (Models 1 to 4) and European
ETFs (Models 5 to 8). We find that the cross-trades channel is significant for
optimized sampling ETFs, but not for synthetic and full replication ETFs.
U.S. ETFs are not subject to this problem; instead, the problem is concen-
trated in European ETFs.
Overall, we find that proconglomerate incentives are quite widely observed

through several distinctive mechanisms. Similar to what we have observed in
the bank loan channel, ETFs investment in the stocks of the affiliated bank
are related to better performance. ETF investments in stocks with high co-
ownership of affiliated OEFs also appear informative. Finally, ETFs also
seem to engage in cross-trades with affiliated OEFs.
Although these mechanisms could arise to benefit conglomerates, we are

yet to test their impact on ETF investors. In principle, proconglomerate and
proinvestor incentives may not be mutually exclusive. Therefore, our next
section takes on the task of investigating the impact of these mechanisms on
ETF investors.

5. Benefits and Costs of ETF Incentives from Investors’ Perspectives

To explore the second question of whether investors benefit or suffer from
ETF activeness, we link major benefits/costs of ETF investments (from
investors’ perspective) to aforementioned mechanisms of proconglomerate
incentives. In addition to aforementioned mechanisms (i.e., ETF’s invest-
ment in stocks with affiliated bank loan services, ETF’s investment in stocks
of affiliated bank, and the need to help affiliated OEFs proxied by the per-
formance of affiliated OEFs), we also include the channel of security lending,
because many ETFs lend out their stocks in its portfolio in order to generate
additional income. The major benefits/costs of ETF investments are
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measured by ETF fees and various types of risk that investors may face,
including the degree of ETFs’ deviation from their benchmarks in terms of
holdings (i.e., active share of Cremers and Petajisto 2009, labeled
“ActiveShr”), the degree of ETFs’ deviation from their benchmarks in terms
of returns (i.e., Tracking error), and the liquidity of ETF trading (i.e., illi-
quidity of Amihud 2002, labeled as log(fund illiquidity)). In addition, we also
examine the performance generated by deviation in holdings (i.e., ActiveShr
performance) as a proxy for the gross benefit that various mechanisms can
generate. Jointly, these variables can help us understand how benefits and
costs/risks associated with ETF activeness are shared between investors and
affiliated financial conglomerates.

5.1 Mechanisms of proconglomerate incentives versus fees

ETFs are only required to deliver gross-of-fee returns as high as index
returns, so reductions in fees provide the only way for ETFs to benefit
their investors. We first investigate the link between ETF fees and the
four mechanisms of information, subsidization, and security lending. To
capture the information benefits accruing from the affiliation with the
bank conglomerate, we use CorporateLoanDummyi;f;t; defined as before,
to proxy for the information that ETFs may obtain from their affiliated
banks based on such banks’ processing of corporate loans. To capture
the informational advantages for the ETFs to invest in affiliated banks,
we define a dummy variable AffiliatedBankStockDummyi;f;t that equals 1
if ETF f holds the stock of its affiliated bank i in year t and 0 otherwise.
To proxy for the need to engage in cross-trades with the affiliated OEFs,
we define a variable AffiliatedOEFPerformancef;t that equals the lagged
TNA-weighted average benchmark-adjusted return of all other OEFs
affiliated with the ETF, where the benchmark-adjusted OEF return is
computed as the OEF returns minus the average return of OEFs tracking
the same benchmark. Given that the need to help the affiliated OEFs
concentrates in periods when they underperform, this variable can be
used to detect the incentives for ETFs to deviate from their benchmarks
to subsidize their affiliated OEFs when the latter have experienced poor
performance. To capture the potential security lending income generated
by ETFs, we define a variable SecurityLendingFeei;t that equals the loan-
value-weighted average short-selling lending fee of stock i in year t. Most
of our tests are conducted at the stock level, so here we also provide
similar tests by aggregating ETF fees and proconglomerate mechanisms
at the stock level. We then estimate the annual panel regression as
follows:

Feei;t ¼ aþ b� Channeli;t�1 þ cMi;t�1 þ ei;t; (6)
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where the dependent variable measures fees (annual expense ratio) charged
by ETF and Channeli;t�1 is the vector that contains proxies for proconglom-
erate mechanisms (i.e., Corporate loan dummy, Affiliated bank stock dummy,
Affiliated OEF performance, and Security lending fee). When applicable, the
stock-level measures involving fund characteristics are computed as the in-
vestment value-weighted average of fund characteristics for all funds that
invest in the stock. The vector M stacks all other stock and fund control
variables defined before. We estimate a panel specification with year and
stock fixed effects and clustering at the stock level.
Table 7 reports the results. In Models 1 to 4, we separately report the four

channels, whereas we consider a specification with all the channels in Model
5. Model 6 reports similar regression parameters in joint models when we
replace stock Turnoverwith log(stock illiquidity) as an alternative control for
the Amihud illiquidity of stocks. We find that the benefit of the information
channel does not accrue to ETF investors; that is, the Corporate loan dummy
is uncorrelated with fees. Additionally, we do not find a direct link between
fees and excess investment in the stock of affiliated banks. Instead, we find a
strong negative relationship between fees and Affiliated OEF performance:
every 1% negative return of affiliated OEFs is associated with 14 bps of
additional ETF fees (Model 3). That the negative performance of affiliated
OEFs implies a higher chance for ETFs to subsidize OEFs means the nega-
tive correlation could be interpreted as the cost of subsidization. In addition,
it is interesting to notice that investors get some solace from the stock lending
activity. Indeed, security lending fee is negatively related to ETF fees. In
particular, a 1-standard-deviation increase in Security lending fee translates
into 0.6 bps lower fees that the ETF charges its investors (Model 4). Overall,
these results suggest that ETF investors enjoy direct benefits from the security
lending channel and may face some cost due to the subsidization channel.
Meanwhile, information channel does not seem to harm investors.

5.2 Mechanisms of proconglomerate incentives versus tracking risk

After we understand the fee implication of proconglomerate mechanisms
from investors’ perspective, we now move on to test how ETF activeness
affects its tracking risk. The ETF tracking risk is measured by its deviation in
holdings, that is, active share (ActiveShr) constructed following Cremers and
Petajisto (2009), and deviation in returns, that is, Tracking error. For
Tracking error, we obtain the fund’s total return (net of fees) in U.S. dollars
fromMorningstar. We add back the fees, and we refer to the resultant gross-
of-fee return as theNAV-based return.17We then defineTracking error as the
standard deviation of the difference between the monthly ETF gross-of-fee

17 Whena portfolio hasmultiple share classes,we compute its total return as the laggedTNA-weighted return of all
the share classes of the portfolio. Similarly, we construct the gross-of-fee benchmark return by using the index
funds that track the same benchmark.
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NAV-based return and its gross-of-fee benchmark return during a particular
year. Tracking error is a standard measure used by the market to assess the
ability of the fund to replicate the benchmark.

Table 7

Impact of proconglomerate incentives on fees (stock level)

Out-of-sample fees (in %) regressed on stock and ETF characteristics

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Corporate loan dummy 0.001 0.000 �0.002
(0.09) (0.08) (�0.25)

Affiliated bank stock dummy 0.026 0.022 0.019
(0.73) (0.72) (0.62)

Affiliated OEF performance �0.142*** �0.142*** �0.141***
(�21.73) (�21.75) (�21.66)

Security lending fee �0.005*** �0.005*** �0.005***
(�5.66) (�5.79) (�5.75)

log(stock size) 0.005*** 0.005*** 0.005*** 0.005*** 0.004*** 0.003***
(4.23) (4.23) (3.69) (3.87) (3.31) (2.75)

Stock return �0.000*** �0.000*** �0.000*** �0.000*** �0.000*** �0.000***
(�4.69) (�4.69) (�3.90) (�4.59) (�3.80) (�3.51)

Turnover �0.001 �0.001 0.001 �0.000 0.002
(�0.13) (�0.13) (0.28) (�0.01) (0.41)

log(stock illiquidity) �0.010***
(�3.99)

log(net income) �0.000 �0.000 �0.000 �0.000 �0.000 �0.000*
(�1.38) (�1.38) (�1.26) (�1.61) (�1.49) (�1.76)

log(sales) �0.006*** �0.006*** �0.005*** �0.006*** �0.005*** �0.005***
(�3.37) (�3.38) (�3.08) (�3.36) (�3.08) (�3.16)

log(total assets) 0.008*** 0.008*** 0.008*** 0.008*** 0.008*** 0.008***
(4.17) (4.18) (4.20) (4.15) (4.19) (4.26)

log(fund TNA) �0.007*** �0.007*** �0.008*** �0.007*** �0.008*** �0.009***
(�8.31) (�8.32) (�10.04) (�8.48) (�10.24) (�10.94)

log(fund age) �0.009*** �0.009*** �0.012*** �0.008*** �0.011*** �0.010***
(�5.91) (�5.92) (�8.04) (�5.53) (�7.57) (�6.87)

Fund flow 0.000*** 0.000*** 0.000*** 0.000*** 0.000*** 0.000**
(3.55) (3.55) (2.94) (3.49) (2.87) (2.54)

Intercept 0.467*** 0.467*** 0.517*** 0.472*** 0.523*** 0.577***
(25.01) (24.98) (27.88) (25.26) (28.21) (25.96)

R-squared .354 .354 .368 .355 .369 .370
Obs 46,527 46,527 46,527 46,527 46,527 46,527

This table presents the results of the following annual panel regressionswith year and stock fixed effects and their
corresponding t-statistics with standard errors clustered at the stock level,

Feei;t ¼ aþ bChanneli;t�1 þ cMi;t�1 þ ei;t;

where Feei;t refers to the investment value-weighted average of the ETF-level annualized percentage
expense ratio across all funds holding stock i in year t, Channeli;t�1 refers to four channels of impact:
Corporate loan dummy (a dummy variable taking a value of one if it is a lending-related stock),
Affiliated bank stock dummy (a dummy variable taking a value of one if the ETF invests in its affiliated
bank), Affiliated OEF performance (the benchmark-adjusted return of other affiliated OEFs), and
Security lending fee (the average short selling lending fee). The stock-level Corporate loan dummy and
Affiliated bank stock dummy (Affiliated OEF performance) are computed as the investment value-
weighted average of the ETF-stock-level (ETF-level) proxies across all funds holding a stock. Vector M
stacks all other stock and fund control variables, including log(stock size), Stock return, Turnover,
log(net income), log(sales), log(total assets), log(fund TNA), log(fund age), and Fund flow. Table A1
provides detailed definitions for each variable.
*p < .1; **p < .05; ***p < .01.
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Investors use ETFs to track index returns, so more deviations imply a risk
of tracking the underlining index from investors’ perspective. Note that ETF
investors will view active share as a risk—similar to tracking error except in
the holding space—because, unlike the OEF industry, ETF performance will
not be automatically distributed to investors unless fees are reduced. More
active share in the holding portfolio, in this regard, only imposes a potential
risk for an ETF not to deliver index return in bad economic scenarios (i.e., a
counterparty risk if the swap counterparty of the ETF fail to deliver index
return in bad economic states).
We first investigate the link between ETFs’ tracking risk and the four

mechanisms of information, subsidization, and security lending. The results
are reported in Table 8, panel A, for active share (ActiveShr), and panel B for
Tracking error. The layout of the columns is the same as that of Table 7. The
results show a strong correlation between the variables that proxy for the
channels and the proxies for deviation. In particular, across the different
specifications, we find a strong positive relationship between Corporate
loan dummy and ActiveShr and a similar pattern between Corporate loan
dummy and Tracking error. ETFs that own stock in firms that receive cor-
porate loan services from the bank affiliated with the applicable ETF present
a higher ActiveShr (Tracking error) of 11.8% (9.4 bps), which is consistent
with the idea that ETFs tend to diverge more in stocks on which they pre-
sumably have more information. Also, the stocks of affiliated banks display
an ActiveShr (Tracking error) that is higher by 18.9% (30.6 bps).
Moreover, we find a negative relationship between deviation and the per-

formance of the affiliated OEFs, that is, Affiliated OEF performance. A
benchmark-adjusted performance of the affiliated OEFs that is worse by 1-
standard-deviation raises ActiveShr (Tracking error) by 4.06% (31.5 bps).
This negative sign implies that when affiliated OEFs underperform their
benchmarks—and are therefore more exposed to investor withdrawals—
ETFs tend to deviate more from their indices. Our previous results suggest
that the assistance is transferred to OEFs through cross-trades.
Finally, security lending fees are negatively correlated with both ActiveShr

and Tracking error. This effect is also economically relevant: a 1-standard-
deviation higher level of Security lending fee reduces ActiveShr (Tracking
error) by 0.35% (2 bps), which suggests that the benefits accruing from se-
curity lending allow the ETF to diverge less. Thus, the fact that the ETF can
generate performance by simply holding the benchmark and lending the
shares reduces the need to diverge from the benchmark.

5.3 Mechanisms of proconglomerate incentives versus performance and

liquidity

Next, we examine the performance and liquidity side of ETF activeness.
When positive performance is generated, the ETFs can pass on this
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Table 8

Impact of proconglomerate incentives on tracking risk, performance, and liquidity (stock level)

A. Out-of-sample active share regressed on stock and ETF characteristics

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Corporate loan dummy 0.118*** 0.117*** 0.111***
(7.65) (7.61) (7.37)

Affiliated bank stock dummy 0.189*** 0.180*** 0.171***
(4.13) (4.05) (3.76)

Affiliated OEF performance �0.045*** �0.045*** �0.045***
(�4.73) (�4.81) (�4.71)

Security lending fee �0.003*** �0.003*** �0.003***
(�6.38) (�5.83) (�5.68)

Stock and fund controls Yes Yes Yes Yes Yes Yes
R-squared .088 .072 .072 .071 .091 .099
Obs 46,526 46,526 46,526 46,526 46,526 46,526

B. Out-of-sample tracking error (in %) regressed on stock and ETF characteristics

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Corporate loan dummy 0.094*** 0.092*** 0.080***
(4.34) (4.26) (3.68)

Affiliated bank stock dummy 0.306*** 0.290*** 0.275***
(6.82) (5.95) (5.94)

Affiliated OEF performance �0.349*** �0.350*** �0.352***
(�11.85) (�11.88) (�11.97)

Security lending fee �0.016*** �0.016*** �0.017***
(�7.91) (�7.79) (�8.00)

Stock and fund controls Yes Yes Yes Yes Yes Yes
R-squared .378 .378 .382 .378 .384 .383
Obs 46,526 46,526 46,526 46,526 46,526 46,526

C. Out-of-sample active share performance (in %) regressed on stock and ETF characteristics

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Corporate loan dummy 0.057*** 0.057*** 0.066***
(4.48) (4.47) (5.03)

Affiliated bank stock dummy �0.020 �0.032 �0.018
(�0.46) (�0.61) (�0.36)

Affiliated OEF performance �0.335*** �0.335*** �0.336***
(�12.22) (�12.23) (�12.34)

Security lending fee �0.002 �0.002 �0.003*
(�1.38) (�1.51) (�1.67)

Stock and fund controls Yes Yes Yes Yes Yes Yes
R-squared .244 .243 .250 .243 .251 .252
Obs 46,434 46,434 46,434 46,434 46,434 46,434

D. Out-of-sample Amihud illiquidity regressed on stock and ETF characteristics

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Corporate loan dummy �0.072 �0.074 �0.084
(�0.93) (�0.95) (�1.09)

Affiliated bank stock dummy 0.049 0.056 0.037
(0.17) (0.20) (0.13)

Affiliated OEF performance 0.163 0.163 0.170
(1.56) (1.56) (1.61)

Security lending fee �0.010 �0.010 �0.009
(�0.58) (�0.58) (�0.52)

(continued)
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additional benefit to the investors as reduced fees. Therefore, we must con-
sider ETF performance jointly with fees to derive an overall picture.
We begin with performance (ActiveShr performance) and report the results

in panelC ofTable 8. The layout of the columns is the same as that ofTable 7.
We find that the information channel is positively related to performance.
This result is expected as higher quality information derived from bank loans
can be used to generate performance that outperforms the benchmark. In
contrast, we do not find a link between performance and either Affiliated
bank stock dummy or Security lending fee. Moreover, affiliated OEF perfor-
mance is negatively related to ETF performance, implying a “substitute”
effect between ETF and OEF return. If we consider these results jointly
with the fee results in Table 7, we can gauge both the overall benefit of
ETF active share (ActiveShr) and the part that is passed on to the ETF
investors. We find that informational advantage derived from lending rela-
tionship seems to benefit the affiliated financial conglomerates but is not
transferred to investors, while ETFs use the benefits accruing from security
lending to reduce the fees charged to their investors.
We also examine how ETF activeness affects its liquidity (log(fund

illiquidity)), and report the results in panel D of Table 8. The layout of
the columns is the same as that of Table 7. None of the four mechanisms
of information, subsidization, and security lending is the related to ETF
liquidity. Hence, ETF activeness does not affect trading liquidity regard-
less of the underlying motivations.

Table 8

Continued

D. Out-of-sample Amihud illiquidity regressed on stock and ETF characteristics

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Stock and fund controls Yes Yes Yes Yes Yes Yes
R-squared .365 .365 .365 .365 .365 .365
Obs 46,392 46,392 46,392 46,392 46,392 46,392

Panel A presents the results of the following annual panel regressions with year and stock fixed effects and their
corresponding t-statistics with standard errors clustered at the stock level,

ActiveShri;t ¼ aþ bChanneli;t�1 þ cMi;t�1 þ ei;t;

where ActiveShri;t refers to the average quarterly active share of stock i in year t, Channeli;t�1 refers to
the four channels of impact described in Table 7. Vector M stacks all other stock and fund control
variables, including log(stock size), Stock return, Turnover, log(net income), log(sales), log(total assets),
log(fund TNA), log(fund age), Expense ratio, and Fund flow. The stock-level ActiveShr is computed as
the investment value-weighted average of the ETF-stock-level active share across all funds holding a
stock. Panels B to D report similar regression parameters when the dependent variable is Tracking error
(the investment value-weighted average of the ETF-level tracking error), ActiveShr performance (the
investment value-weighted average of the ETF-level active share performance), and log(fund illiquidity)
(the investment value-weighted average of the logarithm of ETF-level Amihud illiquidity). Only the
main variables are tabulated for brevity. Table A1 provides detailed definitions for each variable.
*p < .1; **p < .05; ***p < .01.
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Overall, our results suggest that ETF investors expose to both costs and
benefits from ETF activeness associated with proconglomerate incentives.
Among the three broad channels of ETFactivenesswe examined, the security
lending channel benefits ETF investors via reduced fees and lower degrees of
tracking errors, whereas the information and subsidization channels may
expose investors to higher tracking errors without direct benefit in terms of
fees. The subsidization channel may even impose some additional cost in
terms of fees. These observations suggest that ETF off-benchmark active-
ness, except for security lending, may involve a transfer between the ETF and
its sponsor (and affiliated OEFs). This provides a sort of “pool of capital” to
the affiliated financial conglomerate, which, in principle, can be invested in
anything. Synthetic operations, such as swaps, allow the conglomerate to
deliver the committed return of the benchmark to the ETF investors and—
in return—to receive whatever performance can be generated by the actual
holdings of the ETF.

6. The Market’s Reaction to ETF’s Activeness

Our findings suggest that ETFs deviate from the benchmark to leverage their
information advantage from the affiliated bank, and to help other members
of their financial conglomerate. Although the information-motivated active
share may boost performance, subsidization channel might lead to inferior
performance during those very periods in which the affiliated bank or OEFs
aremost in need of subsidization. The existence of the swapwith the affiliated
bank is designed to protect ETF investors from such risks, but the potential
distress of the bank at a time when the performance of the ETF portfolio is
particularly poor may nonetheless expose ETF investors to credit risk.
Therefore, the remaining question is whether this proconglomerate incentive
is perceived by sophisticated ETF investors as detrimental.
To answer this question, we relate the ETF flows18—a proxy for the so-

phisticated ETF investor demand—to the potential impact of ETF procon-
glomerate incentives in the following regression with year fixed effects and
clustering at the fund level:

Flowf;t ¼ aþ b1Welfaref;t þ b2Ratingf;t þ b3Welfaref;t � Ratingf;t

þ cMf;t�1 þ ef;t; (7)

whereFlowf;t refers to the averagemonthly flows of ETF f in year t;Welfaref;t

refers to the potential impact of ETF off-benchmark activities which we will

18 Although ETF investors typically exit by selling the ETF in the market as opposed to redeeming the shares (see
Footnote 3), investors can nonetheless create inflows and outflows at the fund level. This feature allows us to use
ETF flows to proxy for fund demand. We compute monthly ETF flows as Flowf;m ¼ TNAf;m � TNAf;m�1

�
� 1þ Rf;m

� �
�=TNAf;m�1, where TNAf;m refers to the total net asset of fund f in month m, and Rf;m refers to

fund total return in the samemonth. Annual ETF flows are computed as the average of monthly flows within a
year. In additional robustness checks, we also compute the flows using annual frequency. The results do not
change.
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specify shortly. Ratingf;t refers to the S&P long-term domestic issuer credit
rating of its affiliated bank and proxies for distress risk (we also use bank
ROA to replace bank rating in a few specifications). We follow Avramov
et al. (2009) in creating our bank rating score, which transforms the S&P
ratings into ascending numbers as follows: AAA ¼ 1, AAþ ¼ 2, AA ¼ 3,
AA–¼ 4, Aþ¼ 5, A¼ 6, A–¼ 7, BBBþ¼ 8, BBB¼ 9, BBB–¼ 10, BBþ¼
11, BB¼ 12, BB–¼ 13, Bþ¼ 14, B¼ 15, B–¼ 16, CCCþ¼ 17, CCC¼ 18,
CCC– ¼ 19, CC ¼ 20, C ¼ 21, and D ¼ 22. Vector M stacks the control
variables.19

Two important effects emerge: any additional benefits/costs generated by
the off-benchmark activities of ETFs can be transferred to investors or to
affiliated conglomerates. We have already discussed that ETF fee provides a
reasonable proxy for the beneficial effect that can be received by ETF invest-
ors. What is still missing is a measure on the beneficial impact of such activ-
ities on the affiliated conglomerates. Ideally, we will need explicit cash flow
transaction data between ETFs and affi



(e.g., cross-trades). To further verify this interpretation, we test the flow im-
plication ofSwapped transfer side by sidewithETFFees.We also directly test
the flow implication of tracking risk (i.e., ActiveShr, Tracking error) in order
to understand whether investors care more about tracking risk per se or its
implication in terms of subsidization.
Table 9 presents the results. Models 1 to 5 illustrate that ETF flows are

uncorrelated with ActiveShr or Tracking error but are negatively related to
both Swapped transfer and Fees. It is reasonable that investors are not par-
ticularly worried about tracking risk per se because tracking risk may be
related to superior information, as we have discussed above, which does
not necessarily hurt investors.However, positiveSwapped transfer and higher
Fees signal a net detrimental effect to the investor, and investors respond to
such net negative effects by withdrawing capital. An increase in the Swapped
transfer (Fees) of 1-standard-deviation is associated with a lower annual flow
of 3.56% (8.61%) inModel 3 (Model 4). These results suggest that investors
consider these negative effects to be detrimental.
In addition, Model 6 reports a negative relationship between flows and

bank rating (recall that a higher numerical value means a lower rating). A 1-
standard-deviation deterioration in bank rating translates to 9.18% lower
flows per year. The fact that ETF investors withdraw capital when affiliated
banks have poor ratings suggests that investors view the affiliationwith a bad
bank as detrimental. This result is not surprising because both the incentive
for subsidization and the risk (for the affiliated bank) to default on the prom-
ised index return are amplified in poor ratings. Meanwhile, if deteriorating
bank ratings appear detrimental to the investors, then deterioration in bank
performance should also appear detrimental to the investors.Model 7 verifies
this equivalence by replacing bank rating with ROA. We observe that neg-
ative ROA is associated with outflows, which is a pattern that is consistent
with what we observe with bank rating.21

More importantly, from the perspective of investors, the detrimental im-
pact of Swapped transfer should bemore significant when the affiliated banks
are riskier. Models 8 to 11 test this intuition by interacting Swapped transfer
with bank rating or ROA. Indeed, we observe that the outflow sensitivity
with respect to Swapped transfer increases in the poor ratings/ROAs of af-
filiated banks. Thus, investors do not seem to appreciate the links between
ETFs and affiliated banks, particularly when Swapped transfer signals poten-
tial conflicts of interest and when the banks become riskier. Models 12 to 14
confirm that the results remain unchanged after controlling for the four
mechanisms of information, subsidization, and security lending as discussed
earlier. As a robustness check, we also estimate a Fama andMacBeth (1973)

21 To validate the interpretation ofROA,we created a dummy variable that equals 1when bankROA is below the
median. Unreported results show that below-median bank ROA discourage monthly flows by 4.43% in the
affiliated ETFs.
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specification with Newey and West (1987) adjustment. The (unreported)
results are similar to the reported results.
Overall, these findings show that the market is aware of the potential

implications of the link between ETFs and their affiliated financial conglom-
erates. It appears that investors’ concerns, which are expressed in lower flows,
are consistent with regulatory concerns (FSB 2011; IMF 2011; Ramaswamy
2011).

7. Additional Analyses and Robustness Checks

We finally provide additional analysis on the relationship between ETF off-
benchmark incentives and market development. Intuitively, the relationship
could be two-way. On the one hand, the off-benchmark incentives of ETFs
can shape the development of the ETF industry by influencing fund family’s
decisions to launch new ETFs. On the other hand, financial market develop-
ment may also affect the incentives for ETF families to share benefits with



Stock market/GDP, and Private bond market/GDP. When a fund family has
multiple funds, we aggregate the TNA from all funds within the family as
family TNA. All other family characteristics (such as expense ratio, return,
and flow) are computed as the lagged TNA-weighted fund characteristics of
all OEFs within the family. We include year and country fixed effects and
cluster the standard errors at the family level.
We report the results in Table 10, with Models 1 to 6 for logistic specifi-

cations and Models 7 to 12 for probit specifications. We find that across all
specifications, the launch of full replication ETF is negatively related to the
cross-trades between existing OEFs within the family (OEF/OEF cross-
trades). This implies that the subsidization needs to cross-trade with affiliated
OEFs play an important role in determining the type of ETF inception. In
contrast, the mechanisms of information and security lending do not affect
theETF launch decision.We can see that ETFoff-benchmark incentivesmay
have played an important role in shaping the development of the ETF
industry.

7.2 Impact of market development

The global financial industry has been growing rapidly over time, and the
growth rate is much higher in ETF industry comparing with OEFs. More
importantly, do ETF investors benefit from the overall development in fi-
nancial market? As before, we focus on ETF fees to examine the welfare
implication of investors. We estimate the following annual panel regression:

Feei;t ¼ aþ b1Channeli;t�1 þ b2Channeli;t�1 � ðActiveETF=OEFÞc;t�1
þ b3ðActiveETF=OEFÞc;t�1 þ cMi;t�1 þ ei;t; (9)

where ðActiveETF=OEFÞc;t�1 refers to the TNA of active ETFs (including
synthetic replication and optimized sampling ETFs) as a percentage of OEFs
in country c (where stock i is traded) in year t. ActiveETF/OEF captures the
relative importance of active ETFs comparing with the OEF industry. All
other variables are defined as in Equation (6), except for we further control
for financial market development, proxied byETF TNA/GDP, defined as the
end-of-year TNA of ETFs divided by nominal GDP; and OEF TNA/GDP,
defined as the end-of-year TNA of OEFs divided by nominal GDP. We
estimate a panel specification with year and stock fixed effects and clustering
at the stock level.
Table 11 reports the results. We first confirm that ETF investors enjoy

direct benefits from the security lending channel and may face some cost due
to the subsidization channel, after controlling for the financial market devel-
opment. Second, the growth of active ETFs (comparing with OEFs) encour-
ages more income sharing between ETFs and their investors. ETFs charge
lower fees when they benefit from information channel, that is, through their
investment in loan-related stocks and affiliated bank. Finally, the growth of
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Table 11

Impact of proconglomerate incentives and market development on fees (stock level)



active ETFs magnifies the cost of subsidization channel. In particular, when
there is a higher chance for ETFs to subsidize OEFs (implied by poor affil-
iated OEF performance) and active ETFs are more prevailing, ETFs tend to
charge higher fees.
Overall, financial market development not only enhances the competition

and incentivizes active ETFs to share income with investors to attract capital
but also magnifies the subsidization needs and the corresponding cost.
Together with the previous tests, we can see that ETF off-benchmark incen-
tives may intertwine with market development in influencing investors’ wel-
fare. These findings further highlight the importance for regulators and
investors to better understand ETF incentives above and beyond the role
of a passive index tracker.
Finally, the development of ETF industry could benefit a broader set of

investors that are interested in index-linked investment. Although a compre-
hensive analysis of welfare implication for all market participants is beyond
the scope of the paper, unreported results suggest that index fund investors
can benefit from lower fees when ETFs introduce competitions into the
index-tracking business. However, we find that only the growth in full rep-
licationETFs is associatedwith fee reduction from index funds. Active ETFs,
by contrast, achieve an opposite effect, if any.

7.3 Robustness checks

As a robustness check, we repeat the main analyses in the paper and cluster
the standard errors by time. Table 12 reports the results. Panel A repeats the
analyses on stock selection inTable 2 (Models 1 to 2), Table 3 (Models 3 to 4),

Table 11

Continued

Out-of-sample fees (in %) regressed on stock, ETF, and country characteristics

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

R-squared .453 .454 .453 .455 .453 .455
Obs 34,111 34,111 34,111 34,111 34,111 34,111

This table presents the results of the following annual panel regressions with year and stock fixed effects and their
corresponding t-statistics with standard errors clustered at the stock level,

Feei;t ¼ aþ b1Channeli;t�1 þ b2Channeli;t�1 � ðActiveETF=OEFÞc;t�1 þ b3ðActiveETF=OEFÞc;t�1
þ cMi;t�1 þ ei;t;

where Feei;t refers to the investment value-weighted average of the ETF-level annualized percentage expense
ratio across all funds holding stock i in year t, Channeli;t�1 refers to the four channels of impact described in
Table 7. ðActiveETF=OEF Þc;t�1 refers to the total net asset of active ETFs (including synthetic replication and
optimized sampling ETFs) as a percentage of OEFs in country c (where stock i is traded). Vector M stacks all
other country, stock, and fund control variables, including ETF TNA/GDP, OEF TNA/GDP, log(stock size),
Stock return, Turnover, log(net income), log(sales), log(total assets), log(fund TNA), log(fund age0(rn,)-339.ap2(ta351meyond)]TJ
(flowD
(.)TJ
0 .0004 1 2.4786803 0 TD
[(Table3-346A13(7)]TJ
0 0 0 1Tf
439895 0 TDprovidtives43280.6tailmized4-352definpetitiond)-320.3(fo,)-3-9.achfo,)-3-9.8(variabl)-11.ees. ðð ð
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and Table 4 (Models 5 to 8). Panel B repeats the analyses on cross-trades in
Table 5. Our main findings are robust to the alternative clustering approach.

8. Conclusion
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Table B1

List of ETF sponsors, 2009

Rank Conglomerate name
for ETF sponsors

Domicile Bank
dummy

TNA (in
millions of $)

Market
share (in %)

1 Barclays Plc United Kingdom 1 354,751.15 46.68
2 State Street Corp. United States 1 165,888.96 21.83
3 Vanguard Group, Inc. United States 0 79,649.11 10.48
4 Soci�et�e G�en�erale SA France 1 32,391.69 4.26
5 INVESCO Ltd. United States 0 29,107.02 3.83
6 Nomura Holdings, Inc. Japan 1 12,653.94 1.67
7 American International Group,

Inc.
United States 1 11,363.42 1.50

8 MidCap SPDR Trust Services United States 0 8,484.97 1.12
9 Credit Suisse Group Switzerland 1 7,296.41 0.96
10 DekaBank Deutsche

Girozentrale
Germany 1 5,679.00 0.75

11 Sumitomo Trust & Banking
Co. Ltd.

Japan 1 5,577.27 0.73

12 Bank of New York Mellon
Corp.

United States 1 5,065.86 0.67

13 Daiwa Securities Group Co.
Ltd.

Japan 1 4,889.99 0.64

14 HSBC Holdings Plc United Kingdom 1 4,695.56 0.62
15 CITIC Securities Co. Ltd. China 1 4,283.76 0.56
16 Commerzbank AG Germany 1 4,080.14 0.54
17 UBS AG Switzerland 1 3,610.78 0.48
18 Guggenheim Capital LLC United States 1 3,530.26 0.46
19 The Security Benefit Group of

Cos.
United States 1 2,724.24 0.36

20 BNP Paribas SA France 1 2,403.26 0.32
21 First Trust Advisors LP United States 0 1,974.46 0.26
22 Polaris Securities Co. Ltd. Taiwan 0 1,939.38 0.26
23 NASDAQ OMX Group, Inc. United States 1 1,579.42 0.21
24 Svenska Handelsbanken AB Sweden 1 1,437.14 0.19
25 Banco Bilbao Vizcaya

Argentaria SA
Spain 1 1,157.12 0.15

26 BOCI-Prudential Asset
Management Ltd.

Hong Kong 1 881.97 0.12

27 AXA SA France 0 793.13 0.10
28 Rue de la Boetie SAS France 1 713.58 0.09
29 Cr�edit Agricole SA France 1 404.67 0.05
30 DnB NOR ASA Norway 1 246.25 0.03
31 Fubon Financial Holding Co.

Ltd.
Taiwan 1 160.98 0.02

32 RFS Holdings BV Netherlands 1 150.96 0.02
33 Geode Capital Management

LLC
United States 0 134.09 0.02

34 Alpha Bank SA Greece 1 96.67 0.01
35 DBS Group Holdings Ltd. Singapore 1 32.08 0.00
36 Bank of Ireland Ireland 1 31.01 0.00
37 Esposito Partners LLC United States 0 24.03 0.00
38 The Capital Group Cos., Inc. United States 1 10.21 0.00
39 Global X Management Co.

LLC
United States 0 7.18 0.00

40 Medvesek Pusnik DZU Slovenia 1 6.77 0.00
41 TMB Bank Public Co. Ltd. Thailand 1 6.34 0.00
42 ICICI Prudential Asset

Management Co. Ltd.
India 1 0.20 0.00
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